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Classifying no-report from report trials

to uncover NCCs

Gennadiy Belonosov, Oscar Ferrante, Ling Liu, Rony Hirschhorn, Ole Jensen, Huan Lour, Lucia Melloni, Liad Mudrik, Michael Pitts

Introduction

- Uncovering genuine NCCs remains a challenge!”

- NCC confounds are prerequisites (e.g. attention) and
consequences (e.g. report-related processes)??

- Attempts to dissociate report from awareness typically
infroduce task confounds

- Here, we suggest a classification-based approach

- SVM model trained on report trials is used to label no-
report frials in a mixed report/no-report paradigm®

ARC-Cogitate Exp2 paradigm
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Methods

- M/EEG data from ARC-Cogitate’s experiment 2

Classitication pipeline

- Report: Cluster based permutation analysis (CBPA) of [ EEG subject: ]
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/ VAN () and fcN2 () persist in no-report trials

Training model on VAN preserves fcN2 (and vice versa)

P3b ((®)) is probe-locked & vastly diminished in no-report
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Classification approach dissociates report-related activity J
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